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TRADE POLICY OPENNESS AND SUSTAINABLE
DEVELOPMENT OUTCOMES: A QUANTILE REGRESSION ANALYSIS

Purpose. This study examines the heterogeneous effects of trade policy openness on sustainable development
outcomes across the conditional distribution of country performance. While existing literature has established
a positive aggregate relationship between globalisation and development, limited attention has been paid to
the distributional heterogeneity of trade regulatory frameworks’ effects on specific Sustainable Development
Goals (SDGs), particularly those most directly linked to trade and customs regulation: SDG 8 (Decent Work
and Economic Growth), SDG 9 (Industry, Innovation, and Infrastructure), and SDG 17 (Partnerships for the
Goals).

Methods. The study employs panel quantile regression on a dataset covering 167 countries over the period
2001-2023. Trade policy openness is operationalised through the KOF Trade Globalisation de jure index,
which captures customs duties, trade taxes, regulatory trade barriers, and trade agreement coverage. The
de facto trade globalisation index is included simultaneously to disentangle policy architecture effects from
actual trade flows. Controls include governance quality (Worldwide Governance Indicators), GDP per
capita, and population size. All independent variables are lagged by one year to mitigate reverse causality.
Results. The findings reveal three distinct patterns. For SDG 9, trade policy openness exerts a strong, positive,
and remarkably uniform effect across all quantiles (coefficients ranging from 0.089 to 0.115), while de facto
trade flows show no independent effect. This suggests that the regulatory architecture of trade, including
customs facilitation and barrier reduction, is the primary channel through which trade engagement advances
industrial and innovative capacity. For SDG 8, the effect is asymmetric: trade policy openness significantly
benefits countries at the top of the performance distribution (090: 0.050) but not at the median. For SDG
17, a non-monotonic pattern emerges, with negative effects at lower quantiles and positive effects at upper
quantiles.

Conclusions. The results demonstrate that trade policy frameworks, rather than actual trade volumes,
constitute the primary mechanism linking international economic engagement to progress in sustainable
development. The findings have direct implications for customs administrations. streamlining trade regulatory
environments and deepening trade agreements can yield measurable gains in industrial development
outcomes, particularly for lower-income economies, where the marginal effect of policy openness is largest.

Key words: trade policy openness, international trade, Sustainable Development Goals, quantile regression,
customs regulation, KOF Globalisation Index, trade liberalisation, income heterogeneity.

JEL Classification: F13, F18, 019, Q01, C21.

Oksana LIASHENKO,
Professor at the Department of
Economics and Trade

Lesya Ukrainka Volyn National
University

Research Fellow of Loughborough
Business School

Loughborough University
Doctor of Economic Sciences,
Professor
o.liashenko@lboro.ac.uk
orcid.org: 0000-0001-5489-815X

Olga DEMIANIUK,

Associate Professor at the Department
of International Economic Relations
West Ukrainian National University
Candidate of Economic Sciences,
Associate Professor
o.demianiuk@wunu.edu.ua

orcid.org: 0000-0002-4699-0172

Introduction. The 2030 Agenda for Sustainable Development
recognises international trade as a critical means of implementation
for achieving the Sustainable Development Goals (SDGs). Trade
policy openness, encompassing customs tariff regimes, regulatory
trade barriers, and the depth and coverage of trade agreements, shapes
the conditions under which economies can harness international
exchange for development gains. Yet the empirical relationship
between trade regulatory frameworks and specific SDG outcomes
remains surprisingly underexplored, particularly with respect to
the heterogeneity of this relationship across different levels of
development performance.

A growing body of literature examines the globalisation—
development nexus using composite indices (Dreher, 2006; Gygli
et al., 2019), but most studies treat globalisation as a monolithic
phenomenon, aggregating trade, financial, social, and political
dimensions into a single measure. The critical distinction between
de jure globalisation (policy frameworks, including customs
regimes and trade agreements) and de facto globalisation (actual
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flows of goods, capital, and people) introduced by Gygli et al. (2019) has been applied to GDP growth,
environmental outcomes, and shadow economies (Bataka, 2019; Leal et al., 2021; Berdiev et al., 2023),
but not systematically to multidimensional SDG performance.

This paper addresses three gaps in the existing literature. First, it isolates the trade policy dimension
of globalisation, which directly reflects customs and regulatory frameworks, from aggregate globalisation
measures. This is particularly relevant for customs administrations seeking evidence-based guidance on
whether trade facilitation reforms translate into measurable development gains. Second, it simultaneously
estimates the effects of de jure (policy architecture) and de facto (actual trade flows) dimensions, enabling
a direct comparison of whether it is the regulatory environment or the volume of trade that drives SDG
progress. Third, it employs panel quantile regression (Koenker and Bassett, 1978; Koenker, 2004) to
examine whether trade policy openness has differential effects across the conditional distribution of SDG
performance, rather than focusing solely on the conditional mean.

The analysis focuses on three SDGs most directly linked to trade and customs policy: SDG 8 (Decent
Work and Economic Growth), which captures labour market outcomes and economic dynamism; SDG 9
(Industry, Innovation, and Infrastructure), which reflects productive capacity and technological capability;
and SDG 17 (Partnerships for the Goals), which measures international cooperation and policy coherence.
Using a panel of 167 countries over 2001-2023, the study draws on the KOF Globalisation Index (Gygli
et al., 2019), the Sustainable Development Report (Sachs et al., 2024), and the Worldwide Governance
Indicators (Kaufmann et al., 2010).

The remainder of the paper is organised as follows. Section 2 reviews the relevant literature. Section
3 describes the data and methodology. Section 4 presents the results, including baseline OLS estimates,
quantile regression findings, and income-group heterogeneity analysis. Section 5 concludes with policy
implications for customs administrations and trade policymakers.

Literature Review. Globalisation, trade openness, and development. The empirical investigation
of whether globalisation promotes economic development has a long history. Dreher (2006) introduced
the original KOF Globalisation Index and found a positive association between overall globalisation and
economic growth. Potrafke (2015) provided a comprehensive survey showing that globalisation generally
promotes growth, though with heterogeneous effects depending on institutional quality and income
levels. The major methodological advance came with Gygli et al. (2019), who revised the KOF Index
to decompose each dimension into de jure (policy-based) and de facto (outcome-based) components,
enabling researchers to distinguish whether it is the policy architecture or the actual flows that matter for
development outcomes.

Subsequent studies exploiting this decomposition have focused predominantly on economic growth and
environmental outcomes. Bataka (2019) found that de jure economic globalisation drives growth in Sub-
Saharan Africa, while de facto measures have weaker effects. Leal et al. (2021) examined environmental
performance, finding that the policy dimension of globalisation has distinct effects from actual flows.
Berdiev et al. (2023) applied the decomposition to the shadow economy, demonstrating that de jure and
de facto globalisation operate through different channels. However, no study has systematically applied
this decomposition to the multidimensional SDG framework.

Trade policy and the SDGs. The relationship between trade and sustainable development has
attracted growing attention. The World Trade Organization has increasingly emphasised trade as a
means of SDG implementation (WTO, 2018). Empirical studies have examined specific channels:
trade openness and poverty reduction (Winters et al., 2004), trade agreements and environmental
provisions (Morin et al., 2018), and customs modernisation and trade facilitation (Grainger, 2011;
Widdowson, 2007). The Trade Facilitation Agreement (TFA), implemented since 2017, explicitly
links customs reform to development outcomes through provisions on transparency, fees, and border
procedures.

Recent panel studies have begun to connect globalisation indices directly to SDG scores. Chuong et
al. (2025) used the KOF index with pooled mean group estimation for 104 countries, finding that the
effect of globalisation on SDG performance varies across income groups, with negative effects in fragile
states and positive effects in successfully developing economies. Halkos et al. (2025) applied a club-
convergence analysis using KOF scores to 149 countries. However, both studies treat the KOF index in
its aggregate form, without exploiting the de jure/de facto decomposition or disaggregating it by trade
policy dimension.

36 ISSN 3083-7995 (Print), ISSN 3083-8002 (Online)



Quantile regression in development economics. Standard regression methods estimate the effect at the
conditional mean, potentially masking substantial heterogeneity across the distribution of the dependent
variable. Quantile regression, introduced by Koenker and Bassett (1978) and extended to panel settings
by Koenker (2004), allows estimation at any point of the conditional distribution. In the context of SDG
performance, this is particularly informative: the effect of trade policy openness may differ substantially
for countries at the bottom of the SDG distribution (lagging countries) versus those near the top (leaders).
Existing applications include Meinhard and Potratke (2012), who used quantile regression to examine the
effect of globalisation on income inequality, and Uddin et al. (2017), who applied it to governance and
economic development. To the best of the author’s knowledge, no previous study has applied quantile
regression to the trade policy—SDG nexus.

Data and Methodology. Data sources and sample. The analysis draws on four principal data sources.
The dependent variables are individual SDG goal scores from the Sustainable Development Report
(Sachs et al., 2024), which provides annual scores on a 0—100 scale for each of the 17 SDGs across
208 countries from 2000 to 2023. We focus on SDG 8 (Decent Work and Economic Growth), SDG 9
(Industry, Innovation, and Infrastructure), and SDG 17 (Partnerships for the Goals), selected for their
direct relevance to trade policy and customs regulation.

The key independent variables are the trade globalisation sub-indices from the KOF Globalisation
Index (Gygli et al., 2019), updated through 2023. The de jure trade globalisation index (kof trade dejure)
captures the policy architecture of trade openness, including mean tariff rates, tariff revenue as a share of
trade, trade taxes, and non-tariff barriers such as regulatory trade restrictions and the depth and coverage
of trade agreements. The de facto trade globalisation index (kof trade defacto) captures actual trade
flows relative to GDP and partner diversity.

Control variables include the composite Worldwide Governance Indicators (Kaufmann et al., 2010),
comprising six dimensions of institutional quality; GDP per capita in purchasing power parity terms
(constant 2021 international dollars) from the World Development Indicators; and total population. All
independent variables are lagged by one year to mitigate simultaneity concerns. The final estimation
sample comprises 3,406 country-year observations for 167 countries over 2001-2023.

Table 1
Descriptive Statistics

Variable N Mean SD Min 025 Median Q75 Max
SDG 8:
Decent Work | 4728 68.87 8.41 40.1 64.11 69.29 74.44 90.72
& Growth
SDG 9:
Industry & 4992 37.52 24.82 0 18.3 30.48 51 99.65
Innovation
SDG 17: . 4992 64.09 9.22 40.92 57.78 64.26 70.34 91.25
Partnerships
KOF Trade | 55, 55.96 23.48 2.6 36.7 55.15 77.96 96.98
de jure
KOFTrade | 5, 55.58 18.34 436 41.27 57.06 69.44 99.56
de facto
Regulatory
Quality 4352 -0.08 0.99 -2.55 -0.77 -0.2 0.63 2.31
(WGID)
Governance
Quality 4430 -0.06 0.91 -2.41 -0.73 -0.19 0.63 1.95
(WGI)
GDP per
capita, PPP | 4426 21736.02 23520.89 702.85 4765.21 13206.95 30612.34 145590.76
&)
Trade
Openness (% | 3911 86.41 50.66 2.47 53.56 75.96 104.99 437.33
GDP)
Population 4632 | 36729895.69 | 137403204.35 | 9544 | 1818448.25 | 7587213 |25330794.75 | 1438069596

Source: Author s compilation based on SDR (2024), KOF (2025), WGI (2024), WDI (2024).
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Econometric approach. The baseline specification is estimated using pooled ordinary least squares
(OLS) with clustered standard errors at the country level:

SDG,,, = a+ pTradeDeJure,, | + f,TradeDeFacto,, ,+y'X,,  +¢

it—1 it

where SDG, , , is the score for goal g in country i at time #; TradeDeJure and TradeDeFacto are the KOF
trade sub-indices; X is a vector of controls (governance quality, log GDP per capita, log population); and
all regressors are lagged one period.
The main empirical contribution employs quantile regression (Koenker and Bassett, 1978). For each
quantile T € {0.10, 0.25, 0.50, 0.75, 0.90}, we estimate:
0,(8DG,,,1Z, ) =a(7)+ f,(r)TradeDeJure,, , + B,(7)TradeDeFacto,, ,—1+y(r)'X,

i1

where Q. denotes the 1-th conditional quantile of the SDG score. The quantile regression coefficients
P(r) capture the marginal effect of trade policy openness at different points of the SDG performance
distribution, allowing us to assess whether trade liberalisation benefits lagging countries (low quantiles)
differently from high-performing ones (upper quantiles). This is particularly relevant for policy design,
as uniform prescriptions may be inappropriate if the marginal returns to trade openness vary across
performance levels.

To further explore heterogeneity, we estimate sub-sample regressions by World Bank income
classification (Low, Lower-Middle, Upper-Middle, and High income), which provides an alternative lens
on distributional effects grounded in economic structure rather than statistical quantiles.

Empirical Results. Baseline OLS estimates.

Table 2
Pooled OLS Estimates: Trade Policy Openness and SDG Outcomes
Variable SDG 8 SDG 9 SDG 17
Coef. p Coef. p Coef. p
Trade de jure (L) 0.0210 0.490 0.1056** 0.012 -0.0016 0.976
Trade de facto (L) -0.0030 0.932 0.0276 0.519 -0.0328 0.489
(GL‘;VCmance (WG 6.0988%%* <0.001 14.0741%%% <0.001 1.5023 0.248
Ln GDP p.c. (L) -0.7630 0.312 9.050 1 *** <0.001 1.5839* 0.090
Ln Population (L) 1.4754%** <0.001 3.8272%** <0.001 -0.4021 0.398
R? 0.388 0.816 0.098
N 3406 3406 3406

Notes: *** ** * denote significance at 1%, 5%, 10% levels. Standard errors clustered at country level. (L) denotes
one-year lag.

Source: Author's compilation based on SDR (2024), KOF (2025), WGI (2024), WDI (2024).

Table 2 presents the pooled OLS results with both de jure and de facto trade indices included
simultaneously. The key finding at the conditional mean is that trade policy openness (de jure) has a
statistically significant positive effect on SDG 9 (Industry, Innovation, and Infrastructure), with a coefficient
0f 0.106 (p=0.012), while de facto trade flows show no independent effect (p =0.519). Neither dimension
achieves significance for SDG 8 or SDG 17 in the pooled specification. The R? is notably high for SDG
9 (0.816), reflecting the strong structural relationship between trade policy frameworks and industrial
capacity, but considerably lower for SDG 8 (0.388) and SDG 17 (0.098).

However, focusing exclusively on the conditional mean may mask important distributional
heterogeneity. The quantile regression results below reveal that trade policy openness has significant
effects across different parts of the SDG distribution that are obscured by the mean estimate.

Quantile regression results. Table 3 and Figure 1 present the central finding of this study. Trade
policy openness (de jure) exerts a highly significant positive effect on SDG 9 across the entire conditional
distribution, with coefficients ranging from 0.089 at Q90 to 0.115 at Q25 (all significant at the 1% level).
Critically, de facto trade flows show no independent effect at any quantile when included alongside the de
jure measure. This finding has a clear interpretation: it is the regulatory architecture of trade, encompassing
customs tariff levels, non-tariff barriers, and the depth of trade agreements, rather than the volume of trade
itself, that drives progress in industrial development, innovation, and infrastructure.
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Table 3
Quantile Regression: Trade Policy and SDG 9 (Industry, Innovation, Infrastructure)

Variable OLS Q10 Q25 Q50 Q75 Q90
Trade de jure (L) 0.1056** | 0.1012%** | 0.1145*** | 0.1029*** | 0.1096*** | 0.0892***
Trade de facto (L) 0.0276 0.0156 -0.0021 0.0091 0.0120 -0.0014
Governance (L) 14.0741%** | 11.8797*** | 14.2570*** | 14.4137*** | 14.1307*** | 12.0072***
Ln GDPp.c. (L) 9.0501*** | 5.9629*** | 7.5322%** | 9.5008*** | 9.9953*** | 11.6870***
Pseudo R?/ R? 0.816 0.425 0.475 0.571 0.643 0.627

Notes: *** ** * denote significance at 1%, 5%, 10% levels. All independent variables lagged one year.
Source: Author's compilation based on SDR (2024), KOF (2025), WGI (2024), WDI (2024).

The distributional patterns across the three SDGs are visualised in Figure 1, which plots the quantile
regression coefficients for both trade de jure and trade de facto, along with 95% confidence intervals.
The contrast across the three panels is striking. For SDG 9, the de jure coefficient remains consistently
positive and highly significant across all quantiles, forming a near-horizontal band between 0.089 and
0.115, while the de facto coefficient hovers around zero with no statistical significance at any point of the
distribution. This visual pattern reinforces the core finding: it is the regulatory architecture of trade, not
the volume of trade flows, that drives industrial and innovative capacity. For SDG 8, the coefficient trace
exhibits a distinctive U-shaped pattern, with positive and significant effects at the tails of the distribution
(Q10 and Q90) but near-zero or marginally negative values at the median, suggesting that trade policy
openness operates through qualitatively different mechanisms for lagging versus leading economies in
terms of employment and growth outcomes. For SDG 17, the pattern is more complex and non-monotonic:
the de jure coefficient is negative and significant at the lower-to-middle quantiles before turning positive
at Q90, indicating that the relationship between trade policy openness and international partnerships is
contingent on a country’s existing level of cooperative engagement.

The relative uniformity of the de jure coefficient across quantiles suggests that the trade policy—SDG 9
relationship is robust across the performance distribution. Countries at the bottom of the SDG 9 distribution
(Q10: 0.101) benefit almost as much from trade policy openness as those in the middle (Q50: 0.103) or
near the top (Q75: 0.110). The slight decline at Q90 (0.089) may reflect diminishing marginal returns as
countries approach the innovation frontier.

Table 4 reveals contrasting distributional patterns for SDG 8 and SDG 17. For SDG 8 (Decent Work
and Economic Growth), trade policy openness shows a pronounced asymmetry: the coefficient is positive
and significant at Q10 (0.034, p < 0.05) and strongly significant at Q90 (0.050, p <0.001), but insignificant
or marginally negative at the median. This U-shaped pattern suggests that trade policy openness benefits
countries at both extremes of the employment and growth distribution, potentially through different
mechanisms: at the lower end, trade liberalisation may open new market access and stimulate formal
employment, while at the upper end it may enhance productivity through competitive pressure and
technology transfer.

SDG 8: Decent Work 0.150 1 SDG 9: Industry & Innovation 0.0751 SDG 17: Partnerships
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Fig. 1. Quantile regression coefficients of trade de jure and trade de facto
on SDG 8, SDG 9, and SDG 17
Notes: Larger markers indicate statistical significance at the 5% level. Error bars represent 95% confidence intervals.
Source: Author’s compilation
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Table 4

Quantile Regression: Trade Policy and SDG 8 (Decent Work) and SDG 17 (Partnerships)

Q10 Q25 Q50 Q75 Q90
SDG 8: Decent Work
Trade de jure (L) 0.0338** 0.0155 -0.0154* 0.0069 0.0504***
Trade de facto (L) -0.0455%** 0.0153 0.0242%%** 0.0114 0.0081
SDG 17: Partnerships
Trade de jure (L) -0.0022 -0.0261** -0.0718%** 0.0159 0.0498%***
Trade de facto (L) -0.0702*** -0.051 1 *** 0.0037 0.0363*** -0.0209*

Notes: *** ** * denote significance at 1%, 5%, 10% levels. Controls (governance, GDP, population) included but not
reported.

Source: Author'’s compilation

For SDG 17 (Partnerships for the Goals), the pattern is strikingly non-monotonic. Trade policy openness
has a significantly negative effect at Q25 (—0.026) and Q50 (—0.072), but a significantly positive effect at
Q90 (0.050). This suggests that trade liberalisation may initially reduce partnership indicators (perhaps
by displacing multilateral cooperation with bilateral arrangements), but at higher levels of partnership
performance it reinforces international engagement. The de facto dimension shows an inverse pattern
at the lower quantiles, indicating that actual trade flows and policy openness operate through distinct
channels for partnership outcomes.

Income group heterogeneity. Table 5 reinforces the centrality of SDG 9 as the primary channel through
which trade policy openness operates. The de jure trade coefficient for SDG 9 is largest in low-income
countries (0.162, p <0.001) and decreases monotonically across income groups: 0.120 for lower-middle,
0.035 for upper-middle (not statistically significant), and 0.067 for high-income countries. This gradient
has a clear policy interpretation: reducing customs barriers and deepening trade agreements yields the
highest marginal returns for industrial development in the poorest economies, where productive capacity
has the most room for growth. For SDG 8§, the effect is concentrated among lower-middle-income countries
(0.038, p < 0.05), whereas SDG 17 shows no significant effects across any income subgroup, consistent
with the complex distributional pattern observed in the quantile regressions.

Table 5
Trade Policy Openness Effects by Income Group (OLS)
Income Group SDG 8 de p SDG 9 de p SDG 17 de p N
jure jure jure
Low 0.0332* 0.057 0.1615%** 0.000 -0.0334 0.129 632
Lower-Middle 0.0375%* 0.019 0.1200%** 0.000 -0.0049 0.829 929
Upper-Middle 0.0206 0.198 0.0350 0.184 -0.0028 0.902 927
High -0.0119 0.432 0.0667*** 0.002 0.0249 0.238 918

Notes: Coefficients on L_kof trade_dejure from OLS with controls. ***, ** * denote 1%, 5%, 10% significance.
Source: Author's compilation based on SDR (2024), KOF (2025), WGI (2024), WDI (2024).

Figure 2 provides a complementary perspective on this heterogeneity by disaggregating the trade de
jure effect on SDG 9 across World Bank income classifications. The bar chart reveals a clear descending
gradient: the marginal effect of trade policy openness on industrial and innovative capacity is largest
in low-income economies (0.162) and diminishes progressively through lower-middle (0.120) and
upper-middle income groups, before partially recovering in high-income countries (0.067). Notably, the
coefficient for upper-middle income countries fails to reach conventional significance levels, suggesting a
potential «middle-income plateau» where the marginal returns to further trade liberalisation for industrial
development temporarily diminish, possibly because these economies have already captured the most
accessible gains from tariff reduction but have not yet developed the institutional depth to benefit from
deeper regulatory integration.

Conclusions. This study provides the first systematic analysis of how trade policy openness,
distinguished from actual trade flows, affects progress towards specific Sustainable Development Goals
across the conditional distribution of country performance. Using panel quantile regression on 167
countries over 2001-2023, three principal findings emerge.
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Fig. 2. Effect of trade policy openness (KOF Trade de jure) on SDG 9 by World Bank income group.

Note: Dark bars indicate significance at 5% level. ***, ** denote significance at 1% and 5% levels respectively; n.s. =
not significant.

Source: Author s compilation based on SDR (2024), KOF (2025), WGI (2024), WDI (2024).

First, trade regulatory frameworks (the de jure dimension), rather than actual trade volumes (de facto),
constitute the primary mechanism linking international trade engagement to SDG progress. When both
dimensions are included simultaneously, de facto trade shows no independent effect on SDG 9, while
the de jure component remains robustly significant. This finding carries direct implications for customs
administrations: the design of trade regulatory environments, including tariff structures, non-tariff barriers,
and trade agreement architecture, matters more for development outcomes than the resulting volume of
trade.

Second, the relationship between trade policy openness and sustainable development is goal-specific
and distributionally heterogeneous. SDG 9 (Industry, Innovation, and Infrastructure) emerges as the
primary beneficiary of trade liberalisation, with a remarkably stable positive effect across the entire
conditional distribution. SDG 8 (Decent Work and Economic Growth) shows an asymmetric pattern
benefiting primarily top performers, while SDG 17 (Partnerships) exhibits a non-monotonic relationship
that warrants further investigation.

Third, the marginal returns to trade policy openness are highest for low-income countries, where a
one-point increase in the KOF Trade de jure index is associated with a 0.162-point increase in the SDG 9
score, compared to 0.067 in high-income countries. This suggests that customs modernisation and trade
facilitation reforms, such as those envisaged by the WTO Trade Facilitation Agreement, can deliver the
largest development dividends precisely where they are most needed.

The findings are subject to several limitations. The panel quantile regression does not fully control
for unobserved country-specific heterogeneity, and the one-year lag structure may not capture longer-
term adjustment dynamics. Future research could employ fixed-effects quantile regression (Machado
and Santos Silva, 2019) or examine specific customs reform episodes using quasi-experimental designs.
Additionally, disaggregating the trade de jure index into its tariff and non-tariff components could reveal
which specific policy instruments are most effective.

Despite these caveats, the study provides robust evidence that trade policy architecture is a significant
and underappreciated driver of progress in sustainable development, particularly for industrial capacity
in lower-income economies. For customs administrations and trade policymakers, the message is clear:
streamlining regulatory environments and deepening trade agreements can yield measurable, broad-based
gains in SDG performance.
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Memoio cmammi € emnipuute 00CHIONCEHHS 2eMEPO2EHHOCI 6NUGY BIOKPUMOCHT MOP20BENbHOI NOTIMUKY HA
DPe3VAbMamuy Cmano2o po3euUmKy Kpaiu. J{ocuioxncyemvcs, AK 00HAKOBI 34 HANPSAMOM MOP208EIbHO-PeyIAmMOpPHi
BMIHU NO-PI3HOMY BNIUBAIOMb HA KPAIHU, U0 Nepedysaiomb Y HUJCHIX, CepeOHIX | 6epXHiX inmepeanax po3nooiny
8I0N0BIOHUX NOKA3HUKIE docsaeHenns Lineti cmanoeo possumky (L{CP)

Ilonpu ycmaneny me3sy npo no3sumugHuil 36 30K Mixc 2100ani3ayielo ma po3gumkoM, OPAKye CUCIEMHUX OYIHOK
M020, y AKUX Ce2MeHMax po3nooiny ma 01s AKUX 6UMIPI8 CIMAI020 PO3GUNIKY GIOKPUMICTND NOPeOBETbHOI NOTIMUKY
3abe3nedye HAloOLIbULY MAPACUHATLHY 8idoayy. Ananiz 3ocepedacero na LJCP 8 (I'iona npays ma exonomiyne
spocmanns), LJCP 9 (llpomucnosicme, innosayii ma ingpacmpykmypa) ma L[CP 17 (Illapmnepcmeo 3apaou
CMAn02o Po3BUMKY), AKi HalOibIUe NO8 A3aHI 3 MIJICHAPOOHOIO MOP2IGILeI0 MA MUMHUM Pe2yTI08AHHAM.

Memoou. Buxopucmano nanenvHy keanmuivHy peepeciio 0a eubipku 167 kpain 3a 2001-2023 pp., wo doseonsc
OYiHUMU eghekmu Ha PI3HUX KBAHMUNAX YMO8H020 posnodiny (Q10-090) i eussumu acumempii, xapaxmepHi
015 Kpockpainosux oaunux. Bioxpumicme mopeosenvhoi nonimuxu onepayionanizosaro indexcon KOF Trade
Globalisation de jure, sikuii 6i000padcae nOTMUKO-pe2yISMOPHUL GUMID. MUMHI MAPUpU, MOP206eTbH NOOAMKY,
nemapuni 6ap ‘epu ma mopeosenvii yeoou. Oonouacne exnouenns inoexcy KOF de facto 0ae smoey posmescysamu
BNIUB THCMUMYYIUHO-HOPMAMUGHUX NPABUTL MOP2IGLT MA YAKMUYHUX MOPeOBeNbHUX NOMOKIE. Konmponbui aminnui:
axicmo ypaoyeanns (WGI), BBII na dywy nacenenns ma yuceibHicms HACELEHHs, YCi He3ANedCHT 3MIHHI 1a208aH0
HA 00UH PIK OJI5 SHUNCEHHS. PUUKY OOHOUACHOCHI MA MEXAHIUHOT éHO02EHHOCHII.

Pesynomamu. Buseneno mpu ochosni 3axonomipnocmi. /s LJCP 9 giokpumicms mopeoeenvhoi norimuxu mac
CIMITIKUL NO3UMUBHULL eheKm Ha BCIX KEAHMUIAX, MOOL K (PaAKMu1HA MOP2ie/is He OeMOHCIPYE HE3ALENHCHO20 BNIUBY,
Wo niOKpecuioc 3HA4eHHs pe2yIAMOPHUX Napamempie(nepeddauysanicmo npasui, 3HudiCeHHs 0ap epie, wupuie
OXONNeHHsL Y200) OISl iHdycmpianvho-innosayiunoi ounamiku. s L{CP 8 eghexm acumempuunuii i cmamucmuyno
suauywutl e Ha eepxrvomy keanmuni (090), wjo ciouums npo HAABHICHb NOPO2OBUX THCMUMYYIIHUX Y108, 3d
AKX Kibepanizayis mopeogenvHoi nonimuku nepemeoprocmuca na pesynomamu y L[JCPS.

Hns LCP 17 cnocmepieacnvcsi HEMOHOMONHUL 6NIUG. HE2AMUGHT eDeKmU HA HUNICHIX KEAHMUNAX 1 NO3UMUBHI
HA BEPXHIX, WO Y3200XCYEMBCA 3 2IN0Me3010 NPo HeOOHAKO8Y CHPOMONCHICIb KPAil KOHBEPMY8amu mopeogeibHy
GIOKpUMICHb Y NAPMHEPCMBA, KOOPOUHAYIUHI MEXAHIZMU MA IHCMUMYYIUHI (opmu MIXCHAPOOHOT 83aEMOOII.
Bucnoeku. BusnauanbHum mexanizMom 38 A3KY Mid MidCHAPOOHOI0 MOP208eTbHOI0 63AEMOOIEI0 MA NPO2Pecom
CMAn020 PO3BUMKY € pe2yIAMOPHA MOP208eNbHA NONIMUKA, a He obcazu mopeigni. CnpowenHs ma nposopicms
MOP20BENbHO2O PEe2YNIOBAHHS, HUNCEHHA Mapu@Hux i Hemapugnux 6ap’cpie ma noiuONeHHs MOP2OBeNbHUX
Y200 30amui 3a6e3neuumu Gi0UYmMHUL npozpec, 0coOUB0 8 KPAIHAX i3 HUZLKUM 00X000M, 00HAK 018 0OCACHEeHHS
COYIANbHUX | NAPMHEPCOKUX Pe3)bMamie HeoOXiOHI KoMnieMeHmapHi incmumyyitini pegpopmii.

KuirouoBi cjioBa: BiIKpUTICTH TOProBEJIBbHOI MOJNITHKY, MKHAPOHA TOPTIiBIS, LI CTAIOTO PO3BUTKY,

KBaHTHJIbHA pErpecis, MHUTHE perymoBaHHs, iHaekc miodamizamii KOF, niGepamizamis TOprieii,
TeTEePOreHHICTh JIOXO/IIB.
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